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Potential Impact & Future Applications

Scalability to Other Hospital Departments

With this simulation model in place, future expansions can support other
complex hospital areas, such as the Operating Theatre and Children’s
Emergency, improving patient flow and resource management hospital-wide.

Data-Driven Resource Allocation

The model’s predictive capabilities enable KKH to optimize resource allocation
through inferential and predictive analysis. For example, For example, deploying

mid-wifery trained nurses from the antenatal and postnatal wards during
predicted high-demand periods can quickly address staffing shortages and reduce
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